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v HHE H[F(Computer Vision)2| Jli'd2} 280 s Z0f=Ct.

vV H5E H|H0| &8zl ol ZEMEC} ARE 12 J|=S 4T

vV Y 2 HRE HH 7|=0| S8&l= E0FS BAett.



OIELl ES=E AlIESE EX

> X0 M2 2|z 2|E Al DS 2 22
Al Q1= ISt E5ok

FASe SMH A =

b K
o 30
o

m] = o4 ©
> AlTSR Qg2

20| YRYEof of
AT|P X st
2H=Ct oj2 A rfstE

HISH= HS 2xo=

[
ox
lo oY
x =2
[0 1

]
ofm ML O

Mol 28Xl tept 2tsottt=

— O
4= ol X[ojet 2=3F, A,

o
i

O] AE{DRIS(F) 7L S QISX|S(Al) 2N SR QY. (APEl=0| AE{OIRIE H|S).

https://www.aitimes.com/news/articleView.html?idxno=143671
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H|C|2O{ 1 - VIDEOMUG @
TEX} 12300

06:29~8:06 ¢

®
e o
https://youtu.be/jviRfd2rhyU e o



w2t Allemotional Al)

>

1.5

Al M 20| of'D2|EIA QIAIO|E((Analytics Insight)d]] 2 M 1 2854 (ZH) Al
A|%EH0| 20304 496 Et2{(2F 70X 80004 ¢)o 2 MErat FH o

Hu
=2
(0}a

MH|A

2 Al |=2F ZA| FtHEre| Zefo = ARISC| E= B FE +=R0|L
T Hot Hop gt

o O — = = O

g

st ALEQIO{0 2% AIZ EUSH0] SHEXIO| 4TS Q1ASI0] Lo|=S
ZOILE AT 015 0| EfQI0| 2AS QIABIES E28 Fi T2 I0| S
xHS A O

2 A 7ISE M BTS2 YIS DU Y + 8. XK iz

dn I31I*|3(|§ e

https://www.aitimes.com/news/articleView.html?idxno=147327

IIIIIIIIIII



marcl HIE

> HEH H|™(Computer Vision: CV)0|Zt ARE{} 4<t2 QIAISHD EX|E
T (K| QUA+O0|SH) R = U= A|ZA 5= (visual ability) & 23| S5t=
HEE 1tst shE

-1

> AEe Al S B ofES Tofste QIX|oh= Y 58S A= AREI 3

-> AREPLOloE &~ U=F 0|0|X|2] EFY S FE0t= WS

> BEE H|IHOM =2 & 86l= Qo HHE= F2 57|, MY, HAX F0| e
olg{et MESS TEl2{d, £E6| CNN(Convolutional Neural Network) 21 2|&S
S AFR S AtE *

mjo
e o
Ral

(o]

= -
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\» Fast campus

«IILTE ) ) | \ { wllLTE =

S SEANE T

s

0|OjX|E IAl5to] EE S QAS}o] Lot 2ItE TS XS
MEZOZ AFMSH= MH|A HEdt= FHHI2E M| HEIXE B2[SHFE= MH|2

https://fastcampus.co.kr/dev_online_cvodl?amp%3Butm_medium=blog&amp%3Butm_campaign=dev_online_cvodi&amp%3Butm_content=organic
_2009_challenge
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marcl HIE

w|o] A|ZiX{2] 52 et A
201 340] OfL|C} "ECtatn
212 93|9| & o|ct

A
S0 2 E[UX], b Xl =(0H1)E T==0
L HO

=0 A|RFE[LE 2219] MRJ0| B E|=

How we teach computers to understand pictures | Fei Fei Li - https://youtu.be/40riCqvRoMs e o
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OloiX|I= EEXME

> AEHIIE CH{sto| I|O|H|O| 2|(Fei Fei Li)M2~2| HEE H|E
HEECANOAH AR A2 252 20 S o
MIA oA BoHH 2= 2 S Uil 2= 210 2RIt of0]2| HEEHN =2 of Ao

o = =
Ho|m|o] 2|= Ol=fet Al = AFHOH 2= HE 7t2X[= 0]0]X|H(ImageNet)

DRMES AZRICE




OlOIXI=t ZEXME

08:57~11:44
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olgixX|x ZEXE

> O|O[X|S T2 HE = °F 102 F0f| 0|=+= O|0|X|E L2 2= 510 0|0 X|of| 2|05
X

m|o
ML |

(label)S EULE MA 16720=01|A STHEO| 717h2 2 EAH 1092 = £ Of0fX|
el 8 257 YO Z2HETAIREL|E 2007F 2 X[SME 2IH|O0|E{0]| CHet £t
Jt BAl 5E AlZ0[0{N ARLF2 A4 X OFA0| OjE=S 4371 = UL 2L &£
J[SHX] 11 A7LE ALl 2009201 M2t AfmS 20 2701 HF2 ERet

| Hel
15002t 22| O|0|X| C|O[H H|O|AF 2td5t0 SIHRIL). Of TSt O]0|X| | Of E{Hi|

0|AZ BE AYE0| 28 4 UEE P22 DHYCH
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=1
1800] S|AtS0[ K|
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©
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£ == st 02iol=s BRE HITHS E

B AREC =5 0|80l 2HAtE TS, ArsAt= £E50t4 QP E25 =
ASHA| = AO|Cf. X X[HoM 2ol Mot BYXtSS #2011, MER HHKIS
o E 20|t

- TED 2% How we teach computers to understand pictures | Fei Fei Li &

How we teach computers to understand pictures | Fei Fei Li - https://youtu.be/40riCqvRoMs e o



olgix|ix n=
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=RH HAREHHHUANE A2

.3%2| S HEE(CAGR) ol &

ﬁlﬁ& o] - 26

159¢] &2

513 =

2021 2026

=24 ZHEH H|F™ A|Z F2(Source : Research and Market)

Research and MarketO| &Y ESH XI=0]| 2|51, 2021E HEE H|FO|AM 2| Al AN AR =
1599 S| 2 X=HSHH 202647}X| 0] A& 5132 2Ha{0]| 0| ZIO 2 ofj4

https://blog-ko.superb-ai.com/everything-about-computer-vision-data/

KYUNGIL

UNIVERSITY



sl HIZ12] F17H

> S{HjEtot LIRHE THpel 7|0]o] SRto=

AMEE SFE0| 7Iote+HezE 3ot

> ARE H20] MFSHXIHM B2 ARE0|

LS L —

22 FL0HSHH| RS > A-EXe] St

> CNN(Convolutional Neural Network:

=

St Oh 7 2k A|2FA O1AF ELA

=] c-:oI = ﬂ%‘ oI-)J-l' E *l e c:)l ol- e VN

O al n OI- 50 [ onu 7777777 oo"; onv ooli onv oolin,

53T |5 &8 R
ol sy L e

https://m.cetizen.com/review.php?pid=7963&g=view&vcat=5&pn0o=7963&rn0=22413&qv=rview
https://www.microsoft.com/ko-kr/windows?r=1
https://seahahn.tistory.com/100
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https://heung-bae-lee.github.io/2020/06/22/computer_vision_01/
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7= OA|ARE ZHEH H|T MU|A #X S Sl
O

HE 1
2|=0] Y B FH AlE FE =HeDts

oveRvIEW sowe

QuesTion
10z — 1 =156z

STEPS TO SOIVE

Add 1 to both sides of the equation v

10z -1+1=15-6z+1

simplify v

10z = 16 - 6z

Add Gz to both sides of the equation v

10z + 6z = 16 — 6z + 6z

simplify v
16z = 16

*hky

Divide both sides of the equation by the
same factor

Simplify v

#£=1

soLuTion

L]

®

[ ] L]

https://www.maketecheasier.com/awesome-google-lens-features/ e o

https://www.smartprix.com/bytes/how-to-translate-text-on-your-android-phone-using-google-lens/
https://www.businessinsider.com/guides/tech/how-to-use-google-lens e e
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00:31~2:23 :

https://youtu.be/BH_6BdgTdiw o o



OIOIXI=! XIS OIOIX] &M 283 Image Captioning

HAE{?t O|O|X|E 21AISI0] 2 LR O 2 E2kS AM/d SI2HLE, SCHFZI0IM X/ dE|= O|C|HE XIS
O 2 M= 2LC|H}0|A(on-device) 2}0|H 2HM J|50| Q12

‘man in black shirt is playing ‘construction worker in orange ‘two young girls are playing with
guitar.” safety vest is working on road.’ lego toy."

https://ai.googleblog.com/2019/10/on-device-captioning-with-live-caption.html
https://jjeongil.tistory.com/550
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oM TH-l &1 oH&E = Pixel Recursive Super Resolution

8x8input  32x32samples ground truth

> 12 23 X|s ¢17E(Google Brain)O|
X5l O|O]X[of[AM sl & O|O|X|F
Aot B T+ Stz (Pixel
Recursive Super Resolution) ?|=2
HHSUCE,
0| 7|=2 CIX|E 2HollM ZXI0|2F
HNAHE &= A0 L=k ofo]x[of|A] AT
SlA| |2 O|0[X|F of &g =~ UL

CHE AbElat wXtH]w ofof H2 ok M

&S HO|= AHEIS H|wsto] S2lotC}, [_ EI E
|

chrome-extension://efaidnbmnnnibpcajpcglclefindmkaj/https://arxiv.org/pdf/1702.00783.pdf °



GAN Generative Adversarial Network

> GAN(Generative Adversarial Network, AtAX M Al{0h)AT3|S J|2S

I'IJ

AFESH0] O|0|X|S 4/ JotAHL =g, ATt GANS 080 X2 U] L|o|E|=
= O|0|X|Z OSoHAHLE AIElE £ Y422 Here = lon TIMXE 2ol=

2t} o|ofx|e] ‘S8 IHSOlL.

Labels to Street Scene

BW to Color

|nput output
Edges to Photo

iF

li‘

input output

https://tistory.bizsquare.info/608
https://arxiv.org/abs/1611.07004
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NVIDIA GauGAN2

> AIH|C|OH(NVIDIA)= GAN ¥ 12|52 8%t 0|0]X| 22|0f|0|E GauGANZ %*I G,
Ct. M| HIE| 0] M (Segmentation Map)2| &2|2 2t A-510 S 2|10
A2 MY o™ 1o CHSSt= ARl 20| A EICT

> CHEFXQI A3[X[2 13HE Q| 014 O|0|X|E &2H IS U FHA HHO|M =
text-to-image?|sS M350 HIAE TEDEF =5t0{ 2StH= 0|0|X|0f| CHgt

MZeh =g HAEDOROIE S MS ST,

Please share your creations on social media using #GauGAN

iz segmentation ©sketch rimage otext in
il or Bushshpe @ W@ Tshsze 9 0 W Magicwsnd tolersnce; 50 T
; ——— > -~
EXNArX] | | [ CICERge—= ¥ - <= &= -
9 T . .

https://blogs.nvidia.co.kr/2021/11/24/gaugan2-ai-art-demo/
https://i.redd.it/w8awmn2c9hd91.png
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NVIDIA GauGAN2

ol B¢ ==l TEmRtET ¢ ¢ B LB=m
O - -
Visualize Visuslize  Visualize Stroke Size: 10

auto navigation Stylel Style2 Style3  Styled Style5 Style6  Style7

i @ O J Enabled Enabled  Enabled Biending: 0 Enabled

Enabled

Landscapes

e
hiit | water
S S -

B ovon
Plant

aass [ weea |
trew | ___saw
pont R

https://youtu.be/5Qdr8 AUNYqU e o



KYuNGI (¥
> AEIY HO|(Neural style transfer)
212 0|0|X|(2HIX 00| X|)E AEIY o|O|X|of| LA AEFY 0|0|X] HEHZ 212 o|0|X|2
Hol APl 218

Content image Style image Output image

®

https://godatadriven.com/blog/how-to-style-transfer-your-own-images/ e o
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Open CV oOpen Source Computer Vision

> OpenCVi QIR0 JHESE AA|ZF O|0[X| XM2|2t ZFE
H| OiZ 220 d VS Rl REAA T2 21T

‘ ' 210] =1 242|0|C}, 2000%10]] QIO A] | JHEtE|Q O
c 0 Sif H|242| TH| OpenCV.org7t 2H2lstm QUct

> OpenCV jli : O|D|I| X-|F'_|, odMiEP:I gl 3D xH_—rLA-I,

OpenCV > S oo ~e = ©

S3 A4S, 20 91y U £, 7sks U PRld

> HIEE H|H 7| 16| 2Ish
(TensorFlow), IO (PyTorch) 2t 22 Ea{'d Zg|Uf I E X[t
I 2 I2{HOA JHE 2 E 2 X|DHCE

> OpenCV= BSD(Berkely Software Distribution)2l0|MAE 27| IR,
HEHE =X ALEO0| 7t50t oM nEEC = 2|AMOf|A A

=
lH2 02 XES
OtS [ 2f8sli RRISH = HH™O0| QUL

> ZEE| H|XT} BHE 0|2 U 43¢ J|%7} 23 BEGHL{EHE, OpenCV 48
229t Wt IS5 AT THY 4 QT HE Malsict,
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el HIZ! LIOIE{ZY

> 2 UHE HAFEH HIH 7|2 HIO|EME M2 A3 O3 LEAA
104
AA

LER L PIERTUEER

gjo rjo

> X|ZXF O|0|X| HO|E{7t Z=SHX| AT 2AHEE =T E 00| X|Lf G HIOIE{7}
B0 SoHE HIo[E A S0| R=E HRE B =0 X|Cher S &

1= a

https://blog-ko.superb-ai.com/everything-about-computer-vision-data/
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HZE| HIF HIOIEIA ImageNet

> ImageNet2 1,4008F 7} 0|Ao| ZJH 0|0|X| CIO|E{AIO 2, ABHZ C Cl3tol
IH|0|m|0| 2|(Fei-Fei Li) W42t TZIAE CHstO| 310|2] w42 HFE] H|H

=00l U0 ot CIO|E 2| B FX| sHZS ?Io AlXer HO[EM Z2HE

> 2RIt O0HR CHYsA LA detol 2 + A He| 2E 572 0|0|X|E
oHe A ole
2T AAO

https://blog-ko.superb-ai.com/everything-about-computer-vision-data/



T K]

HZE| HIF HIOIEIA ImageNet

vehicle  — craft — watercraft — sailingvessel —  sailboat —— trimaran

https://devopedia.org/imagenet e o
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mac1 HIZ1 HIOIEZY CIFAR-10

> CIFAR(Canadian Institute For Advanced Research)-10 H|O|E{All2 HAl2{L
A70] O+ &S| AL E|= HIo|EAlle =2, 20090 M| 2| SIE(Geoffrey
Hinton) n<4~El0| x| &}

> 10712| 22 A(airplane, automobile, bird, cat, deer, dog, frog, horse, ship, truck) 2
O|F 0%l 62 2li2| o|O|X| Ci[O] E{ Al

ship dog deer bird ship cat dog dog

horse horse ship frog bird ship bird cat
LN -
BEIWRHE> =

automobile ship deer truck dog deer automobile horse

B = 3 RS e

https://blog-ko.superb-ai.com/everything-about-computer-vision-data/ e o



m+rc1 HIE! CIOIEIZY CIFAR-10

arpane Sk [ O " - [ O
. e T
bird imB iR FEREE
«  EEENEEE P
ceer A NS TS

g [HESE®ERIE R
vog oy I I I 2 I O W S
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i e e L e
ok dlhlﬂliﬂll

https://blog-ko.superb-ai.com/everything-about-computer
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sl HIZ! CIOIEIZE Fashion MNIST

> 2IM QUHSE W 97| Qe SHES 2 HE £RLS 2T £El0] UE
£2M| 27 HIO|E{MIQI NISTE UtHst 3 EESH A2 MNISTO| 2|2 £

Hl0]Ef 4!

> &2 M| 2XHE oD 2 E o|0]X| 2 CiX|et A Y. Fashion MNIST= 107H2] 1|
1|2 2REl= 70,000712] 58 0|0|X|2 F14dEl C0]E{AY

https://blog-ko.superb-ai.com/everything-about-computer-vision-data/
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MNIST
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sl HIE HIOIEIZE COCO dataset

> COCO(Common Objects in Context)h Held T2 M2 WKSHHLL
AR =22 dst|ul X|EZ AEE|= LEAA H[O|E{H[0| A F SLO|C.

> Object Detection, Segmentation, Key point Detection 50| A2 E|H
COC020172| HL g5 (training) H[O|E{Al 118,000%2] 0]O|X|, HZ(validation)
CllOoE{ 4l 5,000% 2| O|O]X]|, H|AE(test) CI|lO|E{ 4 41,00072| O|0|X|Z g ZIC.

> COCO HO|Ef= 0|0 XIS HYsts AWM= 3 XiBsi0d, 00|xIS st 232
SHEAIH QAR O|DIX|} FOIXE 1) HYS XSO WY 4 UES sh= 0 2
2|02 SI3ACt.

https://cocodataset.org/#home
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sl HIZ! CIOIEIZE Cityscapes

> RS ZHOIM AHRE & QU= EEskADt 2E Ch Glo|E{MOE 5071 £A|)
Ha| Aol 7|2 E ChFs AH|Z|Q HIC|Q A|HA MES Zilsts 22
CH2 ClO|E{MIO 2 EA| AHmof Chot 20|25 ofsfio] XS &

Ulm Tiibingen

Stuttgart Zurich

https://www.cityscapes-dataset.com/examples/
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https://blog-ko.superb-ai.com/everything-about-computer-vision-data/



PROJECT TOKKIO WITH OMNIVERSE AVATAR

DL FACE AVATAR
TRACKER SIMULATION
Video In —mm ] Video Out

AUD2FACE

Audio In ——

Audio Out

<

NVIDIA.
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1. 2220 U= tiFe AIZH HO|H & 2o = EHAH S5
dNeEE A=

2. JM CIHIO|AR MZ2 NS S-S BAOI0 HOIH = NF

3. {3t Y4 CIOJEIS SHSE YTRIF0| YASI0 SYHUR 2D
QAP THE £

4. 7S THE DE S Sot0 ME22 AN Aot E



T K]

s =El HIZ19| £
P Kakao Enterprise

[Kakao i Engine] HSE{ H|Z Computer Vision =2} 4 01H

00:35~2:02

https://youtu.be/5eeRSvKYpQo °



1. ojox| £%7} 85

|

S8, A £= 3D =4 O|0|X| & 2AL = +HTITY.

2. O|O|X] X2
T 2d RE0f|= 0|0|X| £F T2 MAIL XSt E[0] QUL
H|O|E FH=tE 2l 0|0|X| MX2|(preprocessing)

3. O|O|x| et

OFX[2f EAl= A S AEotr L 270t TR S F=0t= oA B



VVVVVVVVVV

OIAEIIEY ElA(Reels)

> HIEHTH|O| A S Al 91714 FAIR) I1TI2 Al FAFOIAID |8 J|HIO 2 QI AEL M
A (15~30% O|LHL| B2 GA) =W A|AHRIZ L=0IRULCE

-T

l'|1

> HO|AS0| Y2EE HIC| (S E)0M B9, HIAE, A2t HHE X522 oh&dt

== ot Z0|CL O|ZAH| AAHE ZEHEE O|0|X| =EYM o 2 HEH at&(Learning
from Videos) Z2HMIE' 2} SILC},

> DY MMAOM HEE &= Ho[AF F
=)

S BE AL} A2HEQI Al 4|

(OF |
=
=

A& = QUL

https://about.fb.com/ko/news/2020/08/instagram-%EB%A6%B4reels %EC%9D%84-%EC%86%8CHEA%BO%ICKHED%I5%A9I%EB%8B%88%EB%8B%A4L/
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GDT(Generalized Data Transformations) 22

aitimes.com/news/articleView.html?idxno
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> Eot HIEHMO|AS Al @174 FAIR) ©

£ 2=

T

J

(TimeSformer)& 21

EEl's ZZO0|0.

[ EFE HZ2e| A2F

https://ai.facebook.com/blog/timesformer-a-new-architecture-for-video-understanding/



sl Jei=a A =SEH HIXt

> HEl= O|0|X|2t SHYOIM 2K E 2Lt Z2[ 5= U= AUSKs =+

(@)
Segment AnythingE S7H3iCt. 0] LEAA F2 Ol 0[0|X| LIEL| @ HHE O
Ol JHe| MEHFA S lde = U2, CHE A|ARIQ| AR EE= VR o[ EAIS| A[AH
DEDEQ SEHY = U-F AAEUCE

roboflow

Segment Anything Model

https://careerly.co.kr/comments/81408
https://blog.roboflow.com/how-to-use-segment-anything-model-sam/
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2:15~4:15

https://www.youtube.com/watch?v=20_vecl280A&t=378s
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Radiance Fields (Nerf)?|
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Move around the object slowly

to complete the loops.
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Align device with the phone

silhouettes to orient corectly.
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Exploring Unreal Engine 5 | NeRF in UE5
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Tate Britain X Fabrica ‘Recognition’

> U EH|O|E O|=22 2016E 00|22 AT E QL A OIS Q12 X|=0| 0d|=0f| CHaH
CHS0IH M2 S E4218 MBS = Yo7 2te 2XIS CHo|2 BHSICT,
> BO|E Dj& S AKE o2 ZHE0f Cfs QXS 7|2 B2 @2l o4
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> IK Prize %2 2 'Recognition(21Al)'0| M7HE|RACt. O|Ef2[0f H|UE &
HFLIAO|M 2| MX| Y1524 Fabrica?t £&¢!
Z0|E 7A AXIILG|O|E Ofs2tof A%E 30| P2 o= AZ e RAES
Q13 X| 50| AOIL{O] DSt ¥ E|ES HOELL

)

)

e o

https://digitaltransformation.co.kr/%EC%98%81%EA%B5%AD-%ED %85%8C%EC%9D %B4%ED %8A%B8-%EB%AF%B8%EC%88%A0%EA%B4%80- ¢ o

%EC%9D%B8%EA%B3%B5%EC%AT7%80%EB%8A%A5-%ED%86%B5%ED %95%B4-%EC%98%88%EC%88%A0%EA%B3%BC-%ED%98%84%EC%8B%A4-%EC%97%B0/



Tate Britain X Fabrica ‘Recognition’

U.S. Republican presidential nominee Donald Trump speaks during a campaign event in
Wilmington, Ohio, U.S. September 1, 2016. REUTERS/Carlo Allegri

Sir Stanley Spencer Self-Portrait 1914, Tate © Estate of Stanley Spencer

> EH=2 MA| GA%R0|A ‘Recognition’ AHE0| IS0 X|= 2HE X|HE = YU D
QIZX| 50| AtEILt 0| =F 2| DA S t26tH 1 Aut=E0| 22f21 Ae2|of MRzl
H|O|E O|=2t0]| MA|E| AL,

https://www.tate.org.uk/whats-on/tate-britain/ik-prize-2016-recognition
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Tate Britain X Fabrica ‘Recognition’

. T .y Mi ft @
Tate IK Prize: Building Recognition . Epeapr

0:00~1:00

https://youtu.be/cl1CS2qWvoQ °
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Tate Britain X Fabrica ‘Recognition

> ‘RecognitionZZE0]| AL El QZX| 52 &EF £ MEHZ EAGHT 14 @4F QA

a2 QUEE SHEY oM 212 AFS Q1A (object recognition), QHHH Q1A (face
recognition), A4t 81 1= QlAl(color & composition recognition) A& 1Al
(context recognition)&2| BEH H|™S| 7|=& E3ICE

> QtH QIAlo| AL O0|FRAIXE O HFH H|M(Computer Vision) & 244 88 &
2% QIEHO|A(Emotion AP E H&3MLCt T2 M E0f 2| Eo{or AT EL|0] I
S| S2| 2221 (JoliBrain)O| ekt A AL =
Aol G| S o 2l
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Tate Britain X Fabrica ‘Recognition’

. T .y Mi ft @
Tate IK Prize: Building Recognition . Epeapr

&

0:00~0:57

https://youtu.be/RNS60kwe5x4
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Tate Britain X Fabrica ‘Recognition’
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2 oF 178 72l 20| w42 O|0|X|7} HA[RY, IS X|S2 sl AFEIO]
Foof| 2heh AKX 242 StUCt. 0|2t eH| |0 E 22t21 Of3t0] 2 Lf| O] E{H| 0] A0f
U= 3 /0| Zol= F= olg =S A4S FA1H FAHI D 2|1/ =)
2X[ots &S P U
> XI0| x{2| 7|2 O|0|X| HMHtHIAES J[HIO = 2t FH|E E40517| 23
AEEIXAE.

> MA|FO= thaksd MA|Z(Interactive Installation)O] 0] 2H2H2H0] 8T A
O] 0| X|2t YX[Sh= CHRH 2HES MIEHSHM QS K52 MuoiH= o HAS
2tRAC.

11791 OFEH|24.0, 52 2|0}, O|£0} LA
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Boys bathe at concrete water pens in Kolkata, India

-1894

August Blue by Henry Scott Tuke
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https://youtu.be/WXVb31y0Ov-Y
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1. 2K —E—-.?.-(Object classification)
O|OfX|Lt Hef 0| 2HK[DF FSIQIX| THESIH SF/E +2E. ofLte| AXlE £
=2 &2 Eﬁ}f L2 . AFHo| FoEl Eeghel o|o|x[of Mt H|0|=(0|8)2 &

=TT =
SHe A9 BIAES CIX|ZSHRXIQIANSD 0]0|X| GlO|Ef 0| A0 FMS K52
2 ot B Ots

Single Object

Classification

Q. “o| ojO|X|= FeUAZR”
- ojojxj°§M single object ZX|
A, "1go ¥ 3 geyn.”
y = {Pagey, Py, Poa }
={ 09. 005 005}

21Z: Image Classification, 2E%: Object Detection

https://sonsnotation.blogspot.com/2020/11/9-3-cnn-classification-vs-detection-vs.html
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2. A =HX| 5! 2|X| Al (Object Detection and Localization)
O|0|X| EE&= H|C| 2 FHUM £ AN E X0t 2IX|F A2
Image0i|A| Ct~2| 2HK|(object)E 25 A0t bounding boxE HE6H= 7|=
(Detection) Imaged|Al ZAEl class?t OC| & I X[St=X| bounding box=
HASH= 7|=(Localization)

Object detection
Image classification (classification and localization)
2@
® ®
. o S
2"
g
| oL
Cat Cat, Cat, Duck, Dog

https://livebook.manning.com/book/deep-learning-for-vision-systems/chapter-7/
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Classification Object Detection

|
&
i

| ¥ !‘l "_.
Cat
0| o|O|X|= O Z=0|
B6i017}7?27? OC|&0| L =2}?

Semantic Segmentation

Ot Zi=0]
OfC|of| =212

https://www.researchgate.net/figure/Figure-comparison-of-the-three-computer-vision-classification-applications-From-left-to_fig6_336891415

KYUNGIL

UNIVERSITY

KU



mael HIT12] =Xt

3. 2 (Segmentation) 7|&2 0|0|X| Z2 H|C| R J CIO|E 0| A 20] U= 2|
£ W=Z FE0I0] OfATE Het
> Semantic Segmentation '2|0|H £&" O|0|X|L} Fofe| HH= X2l SFO [
ot'=E'ots Y. oIS S0 AFEIoIM O] Y2 =2, 07[= BiE, K71= AL

— T1Hd-

> Instance Segmentation semantic segmentationf M=S| SASHK|TH 1FO|Tt
= Of2| e 1 22} £ Of2|e| 1Yo|E R

-1 1 T

SeamAntic Segmentafion Instance Segmentation

https://livebook.manning.com/book/deep-learning-for-vision-systems/chapter-7/

TTTTTTTT



OLACT: Real-Time Instance Segmentation [ICCV Trailer]

The following results
were generated in

Real-time
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Elassifiestion CIassnfl.cat!on Objegt Instance.
+Localization Detection Segmentation
ElN
A A
» v
Cat Cat Cat, Dog, Rabbit Cat, Dog, Rabbit
https://icbritanico.edu.ar/2017/11/23/computer-vision-classification-m-76926181 e o
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Classification Detection Segmentation

Single Object Multiple Objects

V7 Labs

https://assets-global.website-files.com/5d7b77b063a9066d83e1209¢/6124a3554942a64e5edd7f20_Classification%20Detection.png
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Classification + Localization Object Detection

Semantic Segmentation Instance Segmentation o o

https://www.researchgate.net/figure/4-Difference-between-classification-and-localisation-object-detection-semantic_fig43_337673123 e o
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4. x| == (Object tracking) ?|=2 H|C|2 Y4 LHS| 2Hx|o] $|X|2t tHtE =X
Sl Ao = ZOIE D|Hio]| 2HX| =X (Point-based object tracking, & 29 2|
ZX(Silhouette object tracking) 52| ?|= §0| U=

https://becominghuman.ai/what-is-the-main-purpose-of-video-annotation-in-machine-learning-and-ai-11805710bd95 e o
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https://becominghuman.ai/what-is-the-main-purpose-of-video-annotation-in-machine-learning-and-ai-11805710bd95 e o
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5. H|C|2 M H(Video captioning) O|0|X|Lt B9 H2tS HIAEZ MY

- w8, —

Video

A female weight lifter

. bends at the knees, 1 She then lifts it over her
__________________ | .
She lifts a barbell to | N€ad before dropping
her chest. ' it heavily to the ground
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